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Artificial intelligence at ETESA: Transforming the way we 

generate evidence and make decisions 

 

Introduction and purpose of the document 

This document aims to address the topic of discussion for this year's Forum so that the 

actors involved have a preliminary introduction to the subject matter, thereby ensuring 

that the dialogues and discussions are more in-depth and have greater impact and 

significance. 

On this occasion, the theme is ‘AI at HTA’, with a focus on exploring the role of artificial 

intelligence throughout the life cycle of technologies, differentiating its tools and uses, 

evaluating benefits and risks, and discussing how to guide its development towards 

more inclusive and transparent use. 

Recent advances in artificial intelligence (AI), particularly in generative models and 

large-scale language models, have significantly accelerated its incorporation into 

multiple areas of health and public policy. These technologies are being explored both 

as decision-making support tools and as objects of regulation and evaluation, 

generating relevant opportunities, but also new challenges in terms of evidence quality, 

transparency, accountability, and governance. Various international forums and 

regulatory agencies agree that the potential impact of AI on health will depend largely 

on how these tools are integrated into existing institutional processes and under what 

principles they are used.1,2,3 

In Latin America, these discussions take on particular relevance. Health systems in the 

region are characterised by high institutional heterogeneity, significant technical 

capacity constraints, and persistent inequalities in access to technologies, data, and 
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digital infrastructure. In this context, the adoption of AI tools can contribute to 

strengthening analytical processes and expanding capacities, but it also runs the risk 

of reproducing or deepening pre-existing inequalities if it is not implemented in a 

deliberate, contextualised and equitable manner, as recent policy documents on health 

technology assessment warn.4,5 

An important clarification is that the paper will not be limited solely to evidence 

synthesis activities within ETESA, but rather seeks to reflect on and propose 

discussions around as many instances and activities as possible. Specifically: horizon 

scanning, early dialogue, topic prioritisation, evidence assessment, recommendations, 

coverage policies, etc. 

Although this document focuses on HTA, the approach adopted is deliberately broad. 

AI has implications that transcend the limits of ETESA, affecting areas such as regulatory 

aspects, resource prioritisation, and communication with society. For this reason, this 

background document attempts to incorporate lessons learned and experiences from 

other fields, with the aim of critically analysing them and adapting them to the 

particularities, needs and capacities of ETESA in the Latin American context. 

Although AI expands the frontiers of what is technically possible, it also raises new 

ethical, regulatory and social questions. It is therefore essential to understand its 

fundamentals and scope before considering its incorporation at different stages of the 

ETESA process, including raising debates about the potential disadvantages of its 

incorporation. 

The purpose of the Latin America 2026 Policy Forum is to provide a space for informed 

dialogue between decision-makers, HTA agencies, funders, health professionals, 

industry. 

Conceptual framework: What do we mean by artificial intelligence 

at ETESA? 
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Artificial intelligence (AI) is a broad set of computational approaches aimed at 

developing systems capable of performing tasks that traditionally require human 

intelligence, such as pattern recognition, reasoning, learning from data, and natural 

language generation. In the field of ETESA, AI is relevant not only as a health technology 

in itself, but also as a set of tools with the potential to transform the processes by which 

evidence informing health decision-making is generated, analysed, and communicated. 

Below are definitions of some concepts that are often used interchangeably 6  

Artificial intelligence (AI) 

AI refers to the ability of machines to perform tasks that typically require human 

intelligence, such as pattern recognition, language comprehension, reasoning and 

decision-making. It is increasingly used to automate complex and time-intensive tasks, 

including data extraction, statistical analysis, evidence synthesis, and predictive 

modelling, offering opportunities to improve the efficiency and accuracy of research. 

Machine learning (ML) 

Machine learning enables algorithms to learn from data to perform tasks without explicit 

programming. ML enables computers to adapt and improve their problem-solving 

abilities over time.  

Deep learning 

Deep learning is a subfield of machine learning based on artificial neural networks with 

multiple layers, designed to learn hierarchical representations of data. These models 

can identify complex and nonlinear patterns, making them particularly effective for tasks 

such as image and speech recognition and natural language processing. Deep learning 

has driven significant advances in the performance of artificial intelligence systems 

across multiple domains and constitutes the technical foundation of many 

contemporary AI models, including foundation models and large language models. 

Foundation models (FMs) 

Foundation models are large-scale AI systems trained on massive datasets through 

self-supervised learning, enabling them to generalize their performance across a wide 

range of tasks. They constitute the core of generative AI and offer a high degree of 

 
6 Fleurence RL, Wang X, Bian J, Higashi MK, Ayer T, Xu H, et al; ISPOR Working Group on Generative AI. A 

taxonomy of generative artificial intelligence in health economics and outcomes research: an ISPOR working group 
report. Value Health. 2025;28(11):1601–1610 
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versatility, as they can operate effectively across multiple domains with minimal fine-

tuning. Examples include GPT-4 (OpenAI), Gemini (Google), Claude (Anthropic), and 

LLaMA (Meta), which are used in applications ranging from text generation to image 

and video analysis. Their adaptability makes them particularly suitable for tasks such as 

information extraction, language understanding, text summarization, and visual data 

interpretation. 

Large language models (LLMs) 

Large language models are a specialized type of foundation model designed for the 

processing and generation of human language. Trained on extensive textual corpora, 

LLMs excel in tasks such as summarization, question answering, and content 

generation. Examples such as GPT-4, Claude, and LLaMA demonstrate competitive 

performance across a wide range of linguistic tasks, often comparable to that of task-

specific models, even with minimal fine-tuning. While all LLMs are foundation models, 

their scope is limited exclusively to language-based applications. 

Generative artificial intelligence 

Generative artificial intelligence represents a more advanced application of AI, capable 

of creating new content, synthesizing data, and providing innovative solutions to 

complex problems in response to user prompts. Generative AI models, particularly 

foundation models, can process and produce natural language text, perform tasks 

requiring reasoning, generate computer code, summarize research findings, draft 

reports, and much more. These models are continuously evolving and can be deployed 

to assist with a wide range of tasks, with the potential to enhance both the accuracy 

and efficiency of research processes. 

From a conceptual perspective relevant to this Policy Forum, it is essential to distinguish 

two roles of AI in HTA. On the one hand, AI can be the object of evaluation, as a health 

technology that directly affects healthcare delivery (for example, diagnostic algorithms, 

clinical decision support systems, or software as a medical device). On the other hand—

and this is the primary focus of this document—AI can function as a transversal tool 

supporting HTA processes, influencing how emerging technologies are identified, how 

evidence is synthesized, how economic models are developed, and how results are 

communicated to decision-makers and other stakeholders. 
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Current applications of AI across the technology life cycle 

Artificial intelligence is beginning to be progressively integrated into different stages of 

the health technology life cycle, influencing both the processes through which 

evidence is generated and analyzed and the ways in which health decisions are 

produced and communicated. Rather than representing a single isolated application, 

its incorporation is emerging as a set of transversal tools with the potential to transform 

multiple functions of HTA. 

This section first presents the main benefits and strategic opportunities associated with 

the use of AI in HTA and then describes the specific applications that are currently 

being explored across the assessment process, from horizon scanning to evidence 

generation, economic modelling, and communication. 

Benefits – Opportunities 

The progressive incorporation of artificial intelligence tools into HTA activities offers a 

concrete opportunity to transform the efficiency, scale, and responsiveness of 

assessment systems, without displacing the central role of expert judgment.789 

One of the most relevant benefits relates to the speed and efficiency with which 

multiple stages of the health technology life cycle can be carried out, from evidence 

generation and dossier preparation to assessment, reassessment, and post-marketing 

monitoring.10 

The partial automation of repetitive and highly time-demanding tasks can help free up 

technical capacity, reduce the operational burden on HTA teams, and expand the 

number and diversity of technologies that can be assessed. 

 
7 NICE statement of intent for artificial intelligence (AI). November 2024. www.nice.org.uk/corporate/ecd12 
8 Trowman R, Boysen M. The journey to the digitalization of health technology assessment: The role of artificial 

intelligence in HTA activities 2025. 2025. Disponible en: https://htai.org/wp-

content/uploads/2025/05/HTAiGPF2025_WhitePaper.pdf 
9 CDA-AMC. Canada’s drug agency position statement on the use of artificial intelligence in the generation and 

reporting of evidence. 2025. Disponible en: https://www.cda-
amc.ca/sites/default/files/MG%20Methods/Position_Statement_AI_Renumbered.pdf 
10The Journey to the Digitalization of Health Technology Assessment: The Role of Artificial Intelligence in HTA 
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This opens the possibility for more timely, adaptive, and sustainable HTA processes, 

including more frequent assessments, subgroup analyses of patient populations, and 

dynamic approaches such as “living HTA”, which are particularly relevant in contexts of 

rapid technological innovation.11 

Beyond operational benefits, AI also offers strategic opportunities to expand the scope 

of evidence used, strengthen collaboration among stakeholders, and promote a more 

inclusive and transparent HTA.12 

The capabilities of generative models to integrate multiple data sources, analyze 

different types of information, and facilitate the translation and adaptation of content 

can contribute both to more comprehensive assessments and to more accessible 

communication of results. 

Furthermore, the ability to analyze large volumes of real-world evidence in a short time, 

explore complex scenarios, and reduce uncertainty in areas with limited data—such as 

rare diseases, pediatrics, or rapidly evolving technologies—could strengthen the quality 

of decision-making. 

In regions such as Latin America, where technical resources are heterogeneous and 

institutional capacities vary widely, these tools could act as catalysts for more adaptive 

HTA approaches, provided that their implementation is accompanied by robust 

governance frameworks, adequate training, and quality control mechanisms. 

Specific AI applications in HTA 

Artificial intelligence, and particularly generative models and LLMs, are already being 

explored across multiple stages of the health technology life cycle, with applications 

ranging from the early identification of innovations to post-marketing monitoring. While 

many of these applications remain in early stages or at the proof-of-concept level, the 

available evidence allows the identification of clear patterns of use, as well as potential 

 
11 ISPOR. Living Health Technology Assessment (HTA) - HTA Council Working Group 2024 [Available from: 

https://www.ispor.org/member-groups/councils-roundtables/health-technology-assessment-council/living-health-
technology-
assessment#:~:text=The%20goal%20of%20this%20working%20group%20is%20to,phase%20of%20HTA.%20Spec
ifically%2C%20the%20task%20force%20will%3A. 
12 Position Paper: Ai In Healthcare: Advancing Patient-Centric Care Through Co-Design And Responsible 

Implementation. European Patients Forum. October 2023.  https://www.eu-patient.eu/globalassets/policy/epf-
position-paper-on-ai-in-healthcare.pdf 
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benefits and relevant limitations for HTA—particularly in the areas of evidence 

synthesis, the use of real-world data, and some applications in economic evaluations. 

This technical mapping of applications provides the basis upon which recent policy 

documents have begun to discuss the practical implications, expected benefits, and the 

conditions required for the responsible adoption of AI in HTA..13 

Horizon scanning and early detection of technologies 

At the horizon scanning stage, natural language processing techniques can analyze 

large volumes of unstructured information—such as scientific publications, clinical trial 

registries, regulatory documents, and industry communications—in order to identify 

trends, emerging technologies, and rapidly evolving therapeutic areas. Generative 

models can assist in the preliminary classification and prioritization of signals, 

expanding the scope of monitoring beyond traditional manual capacities. 

However, the literature cautions that these approaches should be integrated with 

explicit frameworks for validation and expert oversight, given the risk of generating 

spurious signals or overrepresenting technologies with greater media visibility. 

Prioritization of technologies for assessment 

In the prioritization of technologies for assessment, AI can contribute to the 

simultaneous analysis of multiple dimensions—such as disease burden, potential 

budget impact, clinical uncertainty, and the availability of alternative interventions—

drawing on heterogeneous data sources. Published studies suggest that generative 

models can be useful for synthesizing dispersed information and generating 

exploratory scenarios. However, they emphasize that the definition of prioritization 

criteria and their weighting remain normative decisions that require human deliberation 

and institutional transparency.14 

 

 
13 The Journey to the Digitalization of Health Technology Assessment: The Role of Artificial Intelligence in HTA 

Lifecycle Activities. HTAi 2025 GPF Background Paper. Available from: 
https://healthtai.sharepoint.com/sites/IGWebsiteContent/Shared%20Documents/Forms/AllItems.aspx?id=%2Fsites
%2FIGWebsiteContent%2FShared%20Documents%2FPolicy%20Forums%2FGlobal%2FBackground%20Papers%2
FGPF2025%5Fbackground%20paper%5FpostOC%5Fv5%2Epdf&parent=%2Fsites%2FIGWebsiteContent%2FShare
d%20Documents%2FPolicy%20Forums%2FGlobal%2FBackground%20Papers&p=true&ga=1 
14 Fleurence RL, Bian J, Wang X, Xu H, Dawoud D, Higashi M, et al. Generative artificial intelligence for health 

technology assessment: Opportunities, challenges, and policy considerations: An ISPOR working group report. 
Value Health. 2025 Feb;28(2):175–83. 
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Evidence assessment and systematic reviews 

The partial automation of systematic reviews represents one of the most advanced 

areas in the use of AI applied to HTA. Evidence suggests that LLMs can assist in 

developing search strategies, screening titles and abstracts, selecting full texts, and 

extracting data, with high levels of agreement with human reviewers in certain contexts. 

Furthermore, their capacity to generate statistical code for meta-analyses and to 

synthesize results in a structured manner has also been documented.15 

However, studies also report important limitations, including classification errors, 

inconsistencies in data extraction, and the generation of nonexistent or inaccurate 

references. In this regard, several studies emphasize that manual review and 

independent verification remain essential, and that AI should be understood as a 

mechanism to reduce operational workload and timelines, rather than as an 

autonomous solution for evidence synthesis.16 

Use in economic evaluations 

In the field of economic evaluation, generative models have shown potential to support 

several phases of model development, including the conceptualization of model 

structures, the identification of parameters, the translation of models between platforms 

(for example, from spreadsheets to programming languages), and the exploration of 

structural uncertainty. Some studies have shown that LLMs can replicate simple or 

moderately complex economic models based on existing publications.17 

However, a high degree of variability has also been observed in the generated results, 

along with a strong dependence on the quality of the instructions provided to the 

model. This reinforces the need for the use of AI in economic evaluation to be led by 

teams with strong methodological expertise, capable of identifying incorrect implicit 

assumptions, programming errors, or results that are clinically or economically 

implausible. 

Real-world evidence (RWD/RWE) 

 
15 Reason T, Benbow E, Langham J, Gimblett A, Klijn SL, Malcolm B. Artificial intelligence to automate network meta-

analyses: four case studies to evaluate the potential application of large language models. Pharmacoecon Open. 
2024;8(2):205–220 
16 Jin Q, Leaman R, Lu Z. Retrieve, summarize, and verify: how will ChatGPT affect information seeking from the 

medical literature? J Am Soc Nephrol. 2023;34(8):1302–1304. 
17 Ayer T, Samur S, Yildirim IF, Bayraktar E, Ermis T, Chhatwal J. Fully replicating published health economic models 

using generative AI. Boston, MA: presented at: Annual Meeting of the Society for Medical Decision Making; 2024. 
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The integration and analysis of real-world evidence represents another area of growing 

interest. AI models, particularly those trained to process clinical text, can facilitate the 

extraction of relevant information from electronic health records, clinical notes, and 

other unstructured records18. Esto abre oportunidades para ampliar la base empírica 

utilizada en ETESA, especialmente en contextos donde los ensayos clínicos son 

limitados. 

Nevertheless, the literature warns about persistent issues related to accuracy, bias, and 

reproducibility.,19,20especially when models are applied to populations or health 

systems different from those on which they were trained.21. These risks are particularly 

relevant in Latin America, where data quality and standardization are often 

heterogeneous. 

Deliberation, communication, and participation 

Finally, generative models offer new opportunities to support deliberation and 

communication processes in HTA. Among the uses explored are the automated 

analysis of comments from public consultations, the generation of plain-language 

summaries, and the adaptation of content to different audiences and linguistic 

contexts.22, 

These applications may help strengthen transparency and participation, provided they 

are used with explicit quality control criteria and with clear responsibility maintained for 

the content of the materials generated.23 

 

 
18 Agrawal M, Hegselmann S, Lang H, Kim Y, Sontag D. Large language models are few-shot clinical information 

extractors. arXiv. https://arxiv.org/pdf/22 
19 Soroush A, Glicksberg BS, Zimlichman E, et al. Large language models are poor medical coders— benchmarking 

of medical code querying. NEJM AI. 2024;1(5):AIdbp2300040. 
20 Estevez, M.; Benedum, C.M.; Jiang, C.; Cohen, A.B.; Phadke, S.; Sarkar, S.; Bozkurt, S. Considerations for the Use 

of Machine Learning Extracted Real-World Data to Support Evidence Generation: A Research-Centric Evaluation 
Framework. Cancers 2022, 14, 3063. https://doi.org/10.3390/cancers14133063 
21 Koski E, Das A, Hsueh PS, Solomonides A, et al.. Towards responsible artificial intelligence in healthcare-getting 

real about real-world data and evidence. J Am Med Inform Assoc. 2025 Nov 1;32(11):1746-1755. doi: 
10.1093/jamia/ocaf133. PMID: 40999782; PMCID: PMC12626219. 
22 Tal August, Kyle Lo, Noah A. Smith, and Katharina Reinecke. 2024. Know Your Audience: The benefits and pitfalls 

of generating plain language summaries beyond the "general" audience. In Proceedings of the 2024 CHI Conference 
on Human Factors in Computing Systems (CHI '24). Association for Computing Machinery, New York, NY, USA, 
Article 14, 1–26. https://doi.org/10.1145/3613904.3642289 
23 NICE [Internet]. [cited 2026 Jan 21]. Use of AI in evidence generation: NICE position statement. Available from: 
https://www.nice.org.uk/position-statements/use-of-ai-in-evidence-generation-nice-position-statement 

https://arxiv.org/pdf/22
https://doi.org/10.3390/cancers14133063
http://paperpile.com/b/lEyfyX/vip3
https://www.nice.org.uk/position-statements/use-of-ai-in-evidence-generation-nice-position-statement
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Risks, limitations, and ethical challenges 

The incorporation of AI tools may bring operational and strategic benefits, but it also 

introduces specific risks that can affect methodological quality, institutional legitimacy, 

and trust in HTA processes.24 The potential benefits of using AI methods in HTA must 

be balanced against the potential risks, and their use should only be considered when 

there is demonstrable value in doing so.25 A cross-cutting premise is that, given the 

current state of the field, AI should be used as a support tool rather than a substitute 

for expert judgment: responsibility for the validity, interpretation, and use of results 

continues to rest with individuals and institutions. Within this framework, it is essential 

to recognize existing limitations and to organize adoption gradually, with appropriate 

controls, transparency, and governance. 

Methodological challenges: guidance, transparency, and validation 

A central methodological challenge is the lack of harmonized guidance and criteria on 

when, how, and with what safeguards AI should be used in HTA tasks, both within 

agencies and in submissions provided by technology developers. In general, the need 

for clear guidance “relevant to all stakeholders” is emphasized, as well as the need to 

agree on acceptable levels of human oversight (“human-in-the-loop”), which may vary 

according to jurisdiction and the level of risk associated with the activities involved.26 

This translates into heterogeneity in practices and the risk that similar tools may be 

used inconsistently (or in a non-auditable manner) across institutions or for different 

purposes, thereby reducing comparability and robustness.27 

Added to this is the problem of transparency: by their nature, foundational models 

operate as “black boxes,” making it difficult to explain why a given result was produced, 

what exact evidence supports it, and whether systematic errors may be present. It is 

therefore important that work generated by AI can be distinguished from human work, 

 
24 Artificial Intelligence Risk Management Framework (AI RMF 1.0). National Institute of Standards and 

Technology.https://nvlpubs.nist.gov/nistpubs/ai/NIST.AI.100-1.pdf. Accessed Feb 2026. 
25 Carapinha JL, Botes D, Carapinha R. Balancing innovation and ethics in AI governance for health technology 

assessment. J Med Econ. 2024;27(1): 754–757. 
26 Trowman R, Boysen M, Migliore A, Valiotis G. Advancing the use of artificial intelligence in health technology 

assessment activities: insights and next steps from the 2025 HTAi Global Policy Forum. Int J Technol Assess Health 
Care. 2026 Jan 8;42(1):e5. 
27 Ting E, Badin, M., Gaind, N., et al. Artificial intelligence integration in health technology assessments: A review of 

global policies and practices. ISPOR 2025. Value Health. 2025;28(S1). Available at: 
https://www.ispor.org/heorresources/presentations-database/presentation-cti/ispor-2025/postersession-4/artificial-
intelligence-integration-in-health-technologyassessments-a-review-of-global-policies-and-practices. 

http://paperpile.com/b/lEyfyX/EIPG
http://paperpile.com/b/lEyfyX/EIPG
http://paperpile.com/b/lEyfyX/EIPG
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and that the use and selection of tools are clearly reported, in a manner analogous to 

how databases, software, or search strategies are currently declared in a systematic 

review.28,29 

In line with this, the position of the National Institute for Health and Care Excellence 

emphasizes expectations regarding transparency, traceability, and risk management 

for the use of AI in evidence generation (including the type of tool used and its role 

within the process).30 

Technical and scientific limitations: validity, reliability, and reproducibility 

In practice, a recurring concern relates to the validity and reliability of results (accuracy, 

completeness, and consistency), particularly when models trained on general 

information are applied to specialized domains such as healthcare, clinical evidence, or 

health economics. The risk of “hallucinations”31 (fabricated or incorrect content 

presented as plausible) is well recognized, as well as variations across different runs or 

in response to minor changes in prompts, which can affect reproducibility. Human 

verification of the outputs is therefore critical to ensure that results are reliable and 

valid. 

If these issues are not properly controlled, they may introduce biases or errors at 

methodologically sensitive stages (e.g., data extraction, evidence synthesis, modelling, 

or drafting of conclusions), with direct implications for recommendations and coverage 

decisions.32 For this reason, reference documents converge on the need for mitigation 

approaches (such as improved prompt design, internal procedures, independent 

checks, and transparent reporting)33,34 and on recognizing that AI does not inherently 

 
28 Fleurence RL, Dawoud D, Bian J, et al. ELEVATE-GenAI: Reporting Guidelines for the use of Large Language 

Models in Health Economics and Outcomes Research: an ISPOR Working Group on Generative AI Report. arXiv. 
https://doi.org/10.48550/arXiv.2501.12394 
29 Flemyng E, Noel-Storr A, Macura B, et al. Position statement on artificial intelligence (AI) use in evidence synthesis 

across Cochrane, the Campbell Collaboration, JBI and the Collaboration for Environmental Evidence 2025. 
Cochrane Database of Systematic Reviews 2025, Issue 10. Art. No.: ED000178. DOI: 10.1002/14651858.ED000178. 
30 NICE [Internet]. [cited 2026 Feb]. Use of AI in evidence generation: NICE position statement. Available from: 
https://www.nice.org.uk/position-statements/use-of-ai-in-evidence-generation-nice-position-statement 
31 Konstantinos C Siontis, Zachi I Attia, Samuel J Asirvatham, Paul A Friedman, ChatGPT hallucinating: can it get any 

more humanlike?, European Heart Journal, Volume 45, Issue 5, 1 February 2024, Pages 321–323, 
https://doi.org/10.1093/eurheartj/ehad766 
32 Elvidge J, Crabb N, Delnoij D, Knies S, Lundin D, Houÿez F, et al. Implementing a sandbox approach in health 

technology assessment: benefits and recommendations. International journal of technology assessment in health 
care. 2024;40(1):e44. 
33 Lin Z. How to write effective prompts for large language models. Nat Hum Behav. 2024;8(4):611–615. 
34 Bedi S, Liu Y, Orr-Ewing L, et al. Testing and evaluation of health care applications of large language models: a 

systematic review. JAMA. 2025;333(4):319–328. 

http://paperpile.com/b/lEyfyX/vip3
https://www.nice.org.uk/position-statements/use-of-ai-in-evidence-generation-nice-position-statement
https://doi.org/10.1093/eurheartj/ehad766
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“guarantee” greater certainty. Its contribution depends on the context, the design of 

the workflow, and expert oversight. 

“Human” risks: loss of critical judgment and overreliance 

Beyond technical aspects, there is a human and institutional risk of overreliance: the 

ease and speed of these tools may lead to reduced critical scrutiny, the acceptance of 

“reasonable” outputs without verification, or the displacement of responsibility onto the 

AI itself (“the AI said…”).35 The real value emerges from combining computational 

capacity with expert judgment and deliberation, always ensuring human oversight that 

helps build the necessary trust. 

In HTA, where deliberation and accountability are core components, this risk is 

particularly relevant: even efficiency gains can become counterproductive if they 

degrade the quality of explicit reasoning or reduce transparency regarding 

assumptions and normative decisions. 

Data risks: bias, quality, representativeness, and replicability 

Foundational models may propagate or amplify biases present in historical data or in 

the non-representative sources that constitute their training data, with implications for 

equity and external validity.36 Systemic biases (such as the underrepresentation of 

certain groups), statistical or algorithmic biases, and biases arising from design and 

implementation decisions may coexist.37 The risk of bias in training data and its ethical 

implications should therefore be considered proactively rather than reactively.38 

In Latin America and the Caribbean, these risks may be more pronounced due to 

heterogeneity in data availability and quality, regulatory differences, and gaps in digital 

infrastructure. Without an explicit strategy (e.g., bias assessment, documentation, and 

monitoring),39 AI may generate “average” results that do not reflect local realities or 

 
35 Ahmad SF, Han H, Alam MM, Rehmat MK, Irshad M, Arraño-Muñoz M, Ariza-Montes A. Impact of artificial 

intelligence on human loss in decision making, laziness and safety in education. Humanit Soc Sci Commun. 
2023;10(1):311. doi: 10.1057/s41599-023-01787-8. Epub 2023 Jun 9. 
36 Dychiao R G, Nazer L, Mlombwa D, Celi L A. Artificial intelligence and global health equity BMJ  2024; 387  
37 Yang Y, Lin M, Zhao H, Peng Y, Huang F, Lu Z. A survey of recent methods for addressing AI fairness and bias in 

biomedicine. J Biomed Inform. 2024;154:104646. 
38 Ethics and governance of artificial intelligence for health. Guidance on large multi-modal models/ World Health 

Organization. https://iris.who.int/bitstream/handle/10665/375579/9789240084759-eng.pdf?sequence=1  [Accessed 
Feb, 2026] 
39 Leslie D (2019) Understanding artificial intelligence ethics and safety: A guide for the responsible design and 

implementation of AI systems in the public sector. The Alan Turing 

https://iris.who.int/bitstream/handle/10665/375579/9789240084759-eng.pdf?sequence=1
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specific subpopulations, thereby compromising the relevance and applicability of HTA 

evaluations. 

Legal implications: copyright, confidentiality, and sensitive data 

The use of AI in health technology assessment (HTA) raises legal and operational 

questions related to confidentiality, copyright, and intellectual property, particularly 

when third-party documents, non-public information, or sensitive data are incorporated 

into commercial tools or external platforms.40 When entering data into AI tools, there 

may be uncertainty about where the data are stored, how they might be used in the 

future, and how this could infringe copyright, affect intellectual property, or compromise 

confidentiality agreements. Debates around data sovereignty and data storage are 

emerging issues that are rapidly evolving. 

In this regard, National Institute for Health and Care Excellence highlights the need for 

caution and clarity regarding the use of AI in evidence generation, particularly with 

respect to governance, transparency, and the responsible management of 

information.41 

Equity: risk of widening gaps between countries and stakeholders 

A critical dimension in the Latin American and Caribbean region is that AI may 

exacerbate inequalities if its adoption becomes concentrated in organizations with 

greater technical capacity, infrastructure, access to data, and resources to implement 

advanced tools.42 Even when potential benefits exist,43 aspects such as safety, ethics, 

equity, and accountability may not be uniformly interpreted or prioritized across 

stakeholders; therefore, the way AI tools are implemented can vary substantially. For 

Latin America, this translates into the need for explicit approaches to capacity 

strengthening, digital literacy, and adaptive HTA models that do not deepen existing 

asymmetries. 

 
Institute.https://www.turing.ac.uk/sites/default/files/2019-
08/understanding_artificial_intelligence_ethics_and_safety.pdf [Accessed Feb 2026] 
40 Duffourc MN, Gerke S. Health care AI and patient Privacy-Dinerstein v Google. JAMA. 2024;331(11):909–910. 
41 NICE [Internet]. [cited Feb 2026]. Use of AI in evidence generation: NICE position statement. Available from: 
https://www.nice.org.uk/position-statements/use-of-ai-in-evidence-generation-nice-position-statement 
42 Smith MJ, Axler R, Bean S, Rudzicz F, Shaw J. Four equity considerations for the use of artificial intelligence in 

public health. Bull World Health Organ. 2020 Apr 1;98(4):290-292. doi: 10.2471/BLT.19.237503. Epub 2020 Feb 25. 
43López DM, Rico-Olarte C, Blobel B, Hullin C. Challenges and solutions for transforming health ecosystems in low- 

and middle-income countries through artificial intelligence. Front Med (Lausanne). 2022 Dec 2;9:958097.  

https://www.turing.ac.uk/sites/default/files/2019-08/understanding_artificial_intelligence_ethics_and_safety.pdf
https://www.turing.ac.uk/sites/default/files/2019-08/understanding_artificial_intelligence_ethics_and_safety.pdf
http://paperpile.com/b/lEyfyX/vip3
https://www.nice.org.uk/position-statements/use-of-ai-in-evidence-generation-nice-position-statement
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Accountability and responsibility: who is accountable? 

A cross-cutting issue concerns accountability: who is responsible for errors, omissions, 

or conclusions derived from automated outputs. Humans must remain responsible and 

accountable for the accuracy, reporting, and interpretation of results. The adoption of 

AI should therefore be well governed, with a strong emphasis on transparency and 

accountability, and with a practical definition of levels of human oversight.44 

In operational terms, this means that the use of AI should leave verifiable traces (which 

tool was used, which version, which prompts, and which data), and should be integrated 

into workflows that preserve independent review and institutional deliberation, 

particularly when the outcome may affect coverage decisions, pricing, or access to 

health technologies.45 

User and decision-maker acceptance and trust 

Finally, even if AI improves efficiency in processes, its adoption may face resistance 

due to limited understanding, concerns about replacing human work, or doubts about 

the transparency of the models. It is therefore necessary to build trust and act 

proactively with a cautious approach guided by rigorous scientific principles. 

The integration of AI requires clear governance frameworks, methodological 

transparency, and expert oversight to build trust among the different stakeholders 

involved. Without these elements, even technically robust results may not be accepted 

by appraisal committees, agencies, health professionals, technology developers, or 

patients.46 

Proposed actions to address the challenges 

Beyond the challenges previously mentioned, a study evaluating HTA experiences in 

Eastern Europe47 found that the main barriers to the responsible adoption of artificial 

 
44 Ramezani M, Bakhtiari A, Daroudi R, et al. Applications of artificial intelligence and the challenges in health 

technology assessment: a scoping review and framework with a focus on economic dimensions. Health Econ Rev. 
2025 Jun 4;15(1):46. 
45 Lekadir K, Frangi A F, Porras A R, Glocker B, CintasC, Langlotz C P et al. FUTURE-AI: international consensus 

guideline for trustworthy and deployable artificial intelligence in healthcare  BMJ 2025; 388 :e081554 
46 Bach, T. A., Khan, A., Hallock, H., Beltrão, G., & Sousa, S. (2024). A Systematic Literature Review of User Trust in 

AI-Enabled Systems: An HCI Perspective. International Journal of Human–Computer Interaction, 40(5), 1251–1266. 
https://doi.org/10.1080/10447318.2022.2138826 
47 Zemplényi A, Tachkov K, Balkanyi L, et al. Recommendations to overcome barriers to the use of artificial 

intelligence-driven evidence in health technology assessment. Front Public Health. 2023 Apr 26;11:1088121. doi: 
10.3389/fpubh.2023.1088121. 
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intelligence are institutional, human, and structural in nature. The study highlights 

several key barriers, including the lack of technical AI capacities within HTA agencies 

and decision-making bodies, the limited availability and quality of standardized data, 

constraints in analytical infrastructure, and the absence of clear regulatory frameworks 

governing the use of these technologies. These barriers describe a context in which 

the integration of AI does not depend solely on technological advances, but 

fundamentally on the preparedness of health and assessment systems to govern its 

use in a safe, equitable, and transparent manner. 

The same study50 makes the following considerations with the aim of mitigating the 

barriers mentioned above. 

To overcome human barriers in the use of artificial intelligence in HTA, it is essential to 

strengthen capacities through targeted training programs in AI methods applied to 

assessment, promote collaborations with academic centers and experts who can 

contribute specialized methodological knowledge, and facilitate the exchange of best 

practices across countries and institutions. These actions aim to improve the critical 

understanding of AI tools, increase confidence in their use, and support the adoption 

of validated and transferable approaches in decision-making processes. 

To address regulatory and public policy barriers, it is necessary to strengthen 

awareness and engagement among decision-makers regarding the value of AI in HTA, 

integrate its use into regulatory frameworks and methodological guidelines, and 

advance broader digital health strategies. At the same time, modernizing the 

management of sensitive data is crucial, through secure mechanisms for data access, 

anonymization, and governance. This includes promoting controlled research 

environments and maintaining continuous interaction with regulators to enable the 

responsible and feasible use of AI in evidence generation. 

In response to technological barriers, it has been proposed to develop AI infrastructure 

and capabilities in a sustained and shared manner through centers of excellence and 

collaborative schemes that enable economies of scale and avoid fragmented, project-

by-project investments. In addition, scalable technological solutions—such as cloud-

based services—are recommended, along with the application of value-assessment 

approaches to determine when it is cost-effective to invest in improving data quality, 

supported by pilot studies that can validate feasibility before undertaking large-scale 

developments. 



 

15 

At the same time, the human, regulatory, and technological barriers identified 

correspond directly with the strategic priorities proposed by the HTAi Global Policy 

Forum 2025, which emphasize capacity development, the establishment of common 

principles, the creation of communities of practice, and the formalization of risk 

management standards as enabling conditions for the responsible adoption of artificial 

intelligence in HTA.48 

An additional key aspect highlighted in the background document for the HTAi Global 

Policy Forum 2025 is the need to develop clear and consistent metrics to assess the 

real impact of artificial intelligence on HTA processes.49 Beyond the promises of 

efficiency gains, cost reductions, and improvements in the quality of analyses, the 

document proposes systematically monitoring simple indicators such as assessment 

timelines, operational savings, and the accuracy of outputs. Continuous measurement 

would not only help demonstrate value, but also identify limitations, adjust processes, 

and strengthen accountability in the use of automated tools. 

Considerations for Latin America 

In low- and middle-income country contexts such as Latin America and the Caribbean, 

the incorporation of AI tools presents an opportunity to expand technical capacities, 

accelerate HTA processes, and facilitate access to methodologies that have historically 

been more developed in high-income countries.50 In the pre-survey conducted prior to 

the HTAi Global Policy Forum 2025, participants mentioned several potential benefits, 

including increased efficiency, cost savings (which could also raise equity 

considerations in lower-resource settings), and the possibility of being relieved from 

operational tasks within HTA environments, allowing professionals to devote their full 

capacity to other activities.51 

 
48 Trowman R, Boysen M, Migliore A, Valiotis G (2026). Advancing the use of artificial intelligence in health 

technology assessment activities: insights and next steps from the 2025 HTAi Global Policy Forum. International 
Journal of Technology Assessment in Health Care, 42(1), e5, 1–6 
49 The Journey to the Digitalization of Health Technology Assessment: The Role of Artificial Intelligence in HTA 

Lifecycle Activities. HTAi 2025 GPF Background Paper. Available from: 
https://healthtai.sharepoint.com/sites/IGWebsiteContent/Shared%20Documents/Forms/AllItems.aspx?id=%2Fsites
%2FIGWebsiteContent%2FShared%20Documents%2FPolicy%20Forums%2FGlobal%2FBackground%20Papers%2
FGPF2025%5Fbackground%20paper%5FpostOC%5Fv5%2Epdf&parent=%2Fsites%2FIGWebsiteContent%2FShare
d%20Documents%2FPolicy%20Forums%2FGlobal%2FBackground%20Papers&p=true&ga=1 
50 Ciecierski-Holmes T, Singh R, Axt M, Brenner S, Barteit S. Artificial intelligence for strengthening healthcare 

systems in low- and middle-income countries: a systematic scoping review. NPJ Digit Med. 2022 Oct 28;5(1):162. 
51 Trowman R, Boysen M, Migliore A, Valiotis G (2026). Advancing the use of artificial intelligence in health 

technology assessment activities: insights and next steps from the 2025 HTAi Global Policy Forum. International 
Journal of Technology Assessment in Health Care, 42(1), e5, 1–6 

https://healthtai.sharepoint.com/sites/IGWebsiteContent/Shared%20Documents/Forms/AllItems.aspx?id=%2Fsites%2FIGWebsiteContent%2FShared%20Documents%2FPolicy%20Forums%2FGlobal%2FBackground%20Papers%2FGPF2025%5Fbackground%20paper%5FpostOC%5Fv5%2Epdf&parent=%2Fsites%2FIGWebsiteContent%2FShared%20Documents%2FPolicy%20Forums%2FGlobal%2FBackground%20Papers&p=true&ga=1
https://healthtai.sharepoint.com/sites/IGWebsiteContent/Shared%20Documents/Forms/AllItems.aspx?id=%2Fsites%2FIGWebsiteContent%2FShared%20Documents%2FPolicy%20Forums%2FGlobal%2FBackground%20Papers%2FGPF2025%5Fbackground%20paper%5FpostOC%5Fv5%2Epdf&parent=%2Fsites%2FIGWebsiteContent%2FShared%20Documents%2FPolicy%20Forums%2FGlobal%2FBackground%20Papers&p=true&ga=1
https://healthtai.sharepoint.com/sites/IGWebsiteContent/Shared%20Documents/Forms/AllItems.aspx?id=%2Fsites%2FIGWebsiteContent%2FShared%20Documents%2FPolicy%20Forums%2FGlobal%2FBackground%20Papers%2FGPF2025%5Fbackground%20paper%5FpostOC%5Fv5%2Epdf&parent=%2Fsites%2FIGWebsiteContent%2FShared%20Documents%2FPolicy%20Forums%2FGlobal%2FBackground%20Papers&p=true&ga=1
https://healthtai.sharepoint.com/sites/IGWebsiteContent/Shared%20Documents/Forms/AllItems.aspx?id=%2Fsites%2FIGWebsiteContent%2FShared%20Documents%2FPolicy%20Forums%2FGlobal%2FBackground%20Papers%2FGPF2025%5Fbackground%20paper%5FpostOC%5Fv5%2Epdf&parent=%2Fsites%2FIGWebsiteContent%2FShared%20Documents%2FPolicy%20Forums%2FGlobal%2FBackground%20Papers&p=true&ga=1
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However, the literature warns that the adoption of generative models in low- and 

middle-income countries faces significant structural barriers that limit their effective 

implementation.52 Among these are persistent deficits in basic infrastructure—such as 

reliable access to electricity, connectivity, and computing infrastructure in health 

services—as well as the high computational and financial costs associated with training 

and operating large-scale models, which are disproportionate relative to the health 

budgets of many countries in the region. 

Dependence on models developed in settings with different epidemiological, 

regulatory, and technological realities entails risks of bias, limited local applicability, and 

concentration of analytical capacities, which could ultimately reinforce a new digital 

divide in the production and use of evidence for health decision-making. 

Taken together, these factors reinforce the risk that generative AI may reproduce 

existing asymmetries rather than reduce them, unless strategies are developed to 

invest in digital infrastructure, data governance, human resource training, and 

contextual adaptation of these tools. 

In this context, regional and international cooperation emerges as a central component 

for the equitable and sustainable adoption of artificial intelligence in HTA in Latin 

America. Global initiatives led by the World Health Organization, such as the Global 

Initiative on AI for Health,53 highlight the need to harmonize ethical, regulatory, and 

implementation frameworks, while strengthening local capacities through knowledge 

exchange, the development of technical competencies, and the contextual adaptation 

of tools to the specific settings of low- and middle-income countries. These experiences 

underscore the importance of collaborative platforms, shared learning, and joint 

governance to prevent fragmented implementation or excessive dependence on 

externally developed solutions. 

In the region, networks such as RedETSA play a key role54 together with the 

coordinating role of the Pan American Health Organization and the World Health 

 
52 Chen H, Zeng D, Qin Y, et al. Large language models and global health equity: a roadmap for equitable 

adoption in LMICs. Lancet Reg Health West Pac. 2025 Oct 18;63:101707.  
53 Muralidharan, V., Ng, M.Y., AlSalamah, S. et al. Global Initiative on AI for Health (GI-AI4H): strategic priorities 

advancing governance across the United Nations. npj Digit. Med. 8, 219 (2025). 
54 Grupo de Interés Inteligencia Artificial REDETSA https://redetsa.bvsalud.org/grupos-de-
trabajo/inteligencia-artificial/ 

https://redetsa.bvsalud.org/grupos-de-trabajo/inteligencia-artificial/
https://redetsa.bvsalud.org/grupos-de-trabajo/inteligencia-artificial/
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Organization55 play a key role in fostering collaboration, aligning methodological 

approaches, and supporting capacity building to enable the responsible integration of 

artificial intelligence into HTA processes across Latin America. 

In this context, health technology assessment (HTA) agencies in Latin America and the 

Caribbean occupy a strategic position to guide the progressive, transparent, and 

responsible integration of artificial intelligence into decision-making processes. Rather 

than merely adopting tools developed externally, these agencies can lead the 

development of methodological guidance, reporting standards, validation mechanisms, 

and governance frameworks that ensure evidence quality, bias control, and 

accountability. 

Building trust in the use of AI in HTA requires preserving human agency at all stages, 

ensuring transparency regarding AI-generated content, and establishing human-in-the-

loop oversight mechanisms, particularly for applications with greater implications for 

decision-making. In addition, the explicit identification of risk levels according to 

different uses of AI—from operational tasks to those linked to recommendations—can 

help guide proportionate safeguards. 

Through these mechanisms, together with strengthened technical capacities and the 

involvement of key stakeholders such as health professionals and patients, regional 

agencies can act as catalysts for responsible innovation that strengthens, rather than 

undermines, health decision-making systems. 

 

 

  

 
55 PAHO-OPS BID. Inteligencia Artificial en Salud Pública. Kit de herramientas de evaluación de la preparación y 

mejora para la integración de la IA en la salud pública https://www.paho.org/sites/default/files/2024-08/ai-ra-tool-
rev-final-esp-aug-1_0.pdf 

 

https://www.paho.org/sites/default/files/2024-08/ai-ra-tool-rev-final-esp-aug-1_0.pdf
https://www.paho.org/sites/default/files/2024-08/ai-ra-tool-rev-final-esp-aug-1_0.pdf
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International and Regional Experiences 

Four interviews were conducted, described below, and will be available for listening 

prior to the Policy Forum. 

Brasil Experience - Augusto Guerra 

Coordinator of the Collaborating Center for Health Technology Assessment (CCATES) 

at the Federal University of Minas Gerais, Brazil, and member of the RedETSA Working 

Group on Artificial Intelligence in Health Technology Assessment. 

This conversation discusses the current and future landscape of artificial intelligence in 

health technology assessment (HTA) in Latin America. Augusto shares his professional 

trajectory and how he became involved in this field, as well as current applications of 

AI in healthcare. The discussion also addresses ethical challenges and issues 

associated with the use of AI, along with its potential to strengthen research and 

development in the region. Finally, the conversation reflects on the future of AI and the 

opportunities it presents for Latin America. 

Artificial Intelligence in HTA in Latin America – Policy Forum Podcast Series. Episode 1: 

Interview with Augusto Guerra. Spotify. Available at: 

https://open.spotify.com/episode/0tE61L5SUHiwHVSVGUdorK?si=snm2IIUsQVSObSA

1HOu0ww 

Interview Rebecca Trowman 

Scientific Secretariat Global Policy Forum HTAi 

This episode explores the growing impact of artificial intelligence (AI) on health systems 

and on health technology assessment (HTA) processes. Throughout the conversation, 

the main regulatory and ethical challenges associated with the use of AI are discussed, 

as well as the risks and opportunities it presents and the importance of generating 

robust evidence to build trust in the application of AI in HTA. The dialogue also 

highlights the value of international collaboration to develop regulatory frameworks and 

evaluation approaches that can keep pace with the rapid evolution of artificial 

intelligence in healthcare. 

https://open.spotify.com/episode/0tE61L5SUHiwHVSVGUdorK?si=snm2IIUsQVSObSA1HOu0ww
https://open.spotify.com/episode/0tE61L5SUHiwHVSVGUdorK?si=snm2IIUsQVSObSA1HOu0ww
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Artificial Intelligence in HTA in Latin America – Policy Forum Podcast Series. Episode 2: 

Interview with Rebecca Trowman. Spotify. Available at: 

https://open.spotify.com/episode/7x1kQTy4kHyFiy6GMFuI4E?si=LvF8W9HTT9iWiDFt9DsPrg&

t=4&pi=M13-X6EIS3it0  

PAHO experience: Prompting Manual and Implementation of Digital Health 

Myrna Martí - Advisor, Information Systems and Digital Health Unit. Department of 

Evidence and Intelligence for Action in Health. Pan American Health Organization / 

World Health Organization 

This conversation explores the use of artificial intelligence (AI) in health technology 

assessment (HTA), highlighting both its potential and the challenges it poses for the 

health sector. The discussion addresses current applications of AI, training initiatives 

offered by PAHO, potential biases and risks associated with these technologies, and 

the transformations expected in the labor market. The episode concludes with 

reflections on human–AI interaction and the need for a critical and ethical approach to 

its implementation. 

Artificial Intelligence in HTA in Latin America – Policy Forum Podcast Series. Episode 3: 

Interview with Myrna Marti. Spotify. Available at: 

https://open.spotify.com/episode/6vbEbA4U7xgVq52fatmucG?si=iIzbLPE-SQaabzrdfm7ejg  

Experience applying AI in evidence synthesis, clinical practice guidelines, and 

systematic reviews 

Eduardo Quiñelén Rojas – Ministry of Health of Chile, Department of Health 

Technology Assessment and Evidence-Based Health 

Agustín Ciapponi, Director Cochrane Argentina. IECS. 

This episode discusses the use of artificial intelligence in evidence synthesis, one of 

the most systematized applications of AI within the context of health technology 

assessment (HTA). Two experiences are presented: one related to the update of 

Clinical Practice Guidelines for Cancer at the Ministry of Health of Chile, and another 

using specialized software for conducting systematic reviews. The episode also 

highlights the use of AI across different stages of a systematic review process. 

https://open.spotify.com/episode/7x1kQTy4kHyFiy6GMFuI4E?si=LvF8W9HTT9iWiDFt9DsPrg&t=4&pi=M13-X6EIS3it0
https://open.spotify.com/episode/7x1kQTy4kHyFiy6GMFuI4E?si=LvF8W9HTT9iWiDFt9DsPrg&t=4&pi=M13-X6EIS3it0
https://open.spotify.com/episode/6vbEbA4U7xgVq52fatmucG?si=iIzbLPE-SQaabzrdfm7ejg
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Artificial Intelligence in HTA in Latin America – Policy Forum Podcast Series. Episode 4: 

Interview with Eduardo Quiñelén and Agustín Ciapponi. Spotify. Available at: 

https://open.spotify.com/episode/4fW4bVAgmHZVVlOIobyD6w?si=KSbIOtMrQguo2r5Vi7SFK
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https://open.spotify.com/episode/4fW4bVAgmHZVVlOIobyD6w?si=KSbIOtMrQguo2r5Vi7SFKg
https://open.spotify.com/episode/4fW4bVAgmHZVVlOIobyD6w?si=KSbIOtMrQguo2r5Vi7SFKg

